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ABSTRACT

Objectives: Compared with younger and middle-aged adults, older adults are less likely to adopt
new computer technology, potentially limiting access to healthcare and many other important
resources available online. This limitation could impact cognitive abilities, well-being, and mental
health outcomes of older adults. The aims of the present study were to increase access to online
county and healthcare resources, while also assessing the impact of technology access on cognitive
functioning and multiple well-being domains.

Methods: A pilot community collaboration provided a two-month tablet training intervention,
focused on increasing digital independence via tablet navigation, resources access, and fraud and
scam prevention, to 20 low-income older adult participants (75% female, M,,, = 70.85). Pre- and post-
test phone interviews were conducted to measure any changes in digital independence, cognitive
abilities, well-being, mental health, and mindset.

Results: Linear mixed effects models revealed no significant changes in outcome measures from
pre- to post-test. However, we found effects of digital independence on several well-being measures,
providing important information for the impact of technology access and training for low-income
older adults.

Conclusion: This pilot intervention offers limited but promising results, inspiring further investigations
that may inform public health and policy services to address barriers to access and potentially improve
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psychological health.

Introduction

Despite internet usage rates for older adults rapidly increasing
(Faverio, 2022), there remains a large divide for information tech-
nology adoption (namely for computers and tablets) between
otherage groups and within the older adult population. Compared
with younger and middle-aged adults, older adults consistently
encompass the smallest percentage of the population to utilize
information technology, despite the ever-growing size of the older
adult population (Charness & Boot, 2022; Faverio, 2022).

Recent reports have indicated that the majority of
upper-middle aged and older adults report limited internet
experience or use (Kim et al., 2023; Li, 2015; Rosell et al., 2022),
and that, among middle-aged and older adults, younger and
more educated adults were more likely to use information
technology and e-health services (Irizarry et al., 2017; Reinwand
etal., 2018; Shaffer et al., 2018). Studies have also reported that
the two most prominent factors associated with information
technology use among older adults are cognitive abilities (Choi
et al,, 2021; Dequanter et al.,, 2022; Kobayashi et al., 2015;
Slegers et al., 2009) as well as prior experience and access to
support (Czaja et al., 2013; Duan-Porter et al., 2018; Mariano
et al., 2021; Pang et al., 2021; Vaportzis et al., 2017). However,
low-income older adults experience the most barriers for
accessing IT devices and support during learning (Moody et al.,
2022; Rosell et al., 2022; Wang et al., 2021; Yu et al., 2016) and

are therefore the most likely to not adopt technology.
Disparities in income, education, and cognitive functioning
affect usage and comfort-level with information technology
among older adults (Choi & DiNitto, 2013; Estacio et al., 2019;
Hall et al., 2015) and raise numerous concerns for access to
online health resources, functional independence, well-being,
and social connection (Cheshmehzangi et al., 2022; Czaja, 2017;
McCloud et al., 2016), particularly as societal resources con-
tinue to become more online based.

Use of information technology, such as computers and tab-
lets, among older adults has been positively associated with
feelings of self-efficacy (Hvali¢-Touzery et al., 2022; Woodward
etal, 2011), social support and connectedness (Choi & DiNitto,
2013; Czaja et al., 2018; Torp et al., 2008), and well-being and
quality of life (Heo et al., 2015; Zheng et al., 2016). Additionally,
research has indicated reduced depression and loneliness
among participants who more frequently used the internet or
information technology (Cotten et al., 2013; Lagana & Garcia,
2013; Shapira et al., 2007). With the potential benefits of tech-
nology access, it is important to address barriers to entry for
low-income older adults populations, such as developing pro-
grams to connect individuals with training for devices while
providing user support and an encouraging environment to
foster learning (e.g. Han & Nam, 2021).

While a number of studies have examined the relationship
of technology (tablet) training and cognitive and well-being
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factors, only a handful have demonstrated that technology and
tablet training has been associated with an increase in cognitive
abilities, such as processing speed (Chan et al., 2016; Elliot et al.,
2014; Vaportzis et al., 2017). Most other studies have found no
evidence of cognitive benefits from casual technology use (e.g.
Pauly et al., 2019; Zhang et al., 2022) but rather that internet or
technology usage can be a protective factor for cognitive
decline (e.g. Byrne & Ghaiumy Anaraky, 2022; Calhoun & Lee,
2019). Others have demonstrated moderate improvements in
perceived isolation, mental well-being, and computer self-effi-
cacy (Czajaetal, 2018; Pauly etal., 2019; Zheng et al., 2016), but
these findings are mixed as well (Cid et al., 2020; Fields et al.,
2021; Slegers et al., 2009).

In general, there is a growing need to address inequities in
access to technological devices and learning support among
low-income older adults. The technological divide creates mas-
sive disparities in perceived well-being, access to social and
health-related information, and other potential benefits asso-
ciated with information technology use in older adulthood
(Byrne & Ghaiumy Anaraky, 2022; Hvali¢-Touzery et al., 2022;
Vaportzis et al,, 2017; Zheng et al., 2016). By providing oppor-
tunities for low-income older adults to increase their experience
and comfort level with information technology, such as tablets,
we may also see increases in quality-of-life factors, such as cog-
nitive performance, mental health, and overall well-being (e.g.
Cotten et al., 2013; Forsman et al., 2018).

The present study assessed the impact of a 2-month inter-
vention that provided technological access and training to older
adults with low income. The pilot intervention was conducted
entirely by community leaders from the Riverside County Office
on Aging (OoA), a department whose efforts focus on develop-
ing systems to improve quality of life for vulnerable older adults,
including low-income and disabled individuals. Given our prior
learning intervention research with older adults (e.g. Leanos
et al.,, 2020), the OoA contacted the research team to advise on
their Senior Learning and Accessibility Technology Evaluation
(SLATE) project during the pandemic. The role of the research
team was to advise in compiling a battery of measures and
developing procedures to determine if this project would
improve the quality of life for their clients, thereby justifying
increased efforts and funding for this program. The outcome
measures for the SLATE project included digital independence
(i.e. how participants rated their use and comfort level with
completing various IADLs on digital devices), cognitive function,
growth mindset (i.e. the belief that abilities can increase with
effort), and well-being. We predicted that all outcome measures
would increase from pre-test to post-test, following other skill
learning interventions conducted with older adults (e.g. Chan
et al. 2016; Leanos et al., 2020). The OoA recruited participants
from their client pool, carried out the technology distribution
and training with social workers, and collected the data, which
was then anonymized and shared with the research team for
analyses.

Method
Participants

Riverside County Office on Aging (OoA) conducted the inter-
vention with county-level approval. The researchers were only
provided with anonymized data. After conferring with the
researcher’s university IRB, it was determined that, based on the

advisory role the university research team was in, and that the
data collected by Riverside County OoA were to be fully ano-
nymized prior to sharing with the researchers, IRB approval for
this project was not necessary. However, all participants were
informed that their anonymized data from the intervention
would be shared with researchers after completing the assess-
ment timepoints, a decision made by the collaborative team to
uphold transparency with the clients. More information is
detailed in the procedures section below.

Twenty participants (75% female, Mage =70.85, SDage =8.95,
Mdn,,, =67, range = 60-87 years old at pre-test) were included
in the present study (see Figure 1 for recruitment and attrition
details and Table 1 for demographic information). One partici-
pant was excluded from analyses for not completing the post-
test assessment, therefore, the data were based on a 95%
completion rate, with 19 of 20 participants completing post-
test. Forty additional participants were contacted but ultimately
denied participation because of time constraints or general
disinterest.

The participants received no monetary compensation but
were able to keep the tablets and USB WiFi dongles at the end
of the intervention and were offered additional resources
through the county’s network of care. Pre- and post-test assess-
ments and questionnaires were conducted by the Office on
Aging staff and social workers. Participants were also evaluated

Figure 1. Recruitment and attrition flowchart.



Table 1. Participant characteristics.

Characteristic N=20
Age M £ 5D (range) 70.85+8.95 (60-87)
Female, n (%) 15 (75%)
Race, n (%)

Caucasian 12 (60%)
Black 2 (10%)
Asian or Pacific Islander 1 (5%)
Chicanx/Latinx 5(25%)
Household size, n (%)

Single Household 9 (45%)
Two or more people 11 (55%)

for other free support services offered through the depart-
ment'’s network of care.

Assessment measures

Pretest and post-test assessments measured several compo-
nents of executive functioning (episodic verbal memory, work-
ing memory, cognitive control, and speed of processing), as well
as general well-being, depression, loneliness, and growth mind-
set. An additional questionnaire relating to technological inde-
pendence also was collected.

All of the measures and materials were available in English
and Spanish, depending on the participants’ preferred lan-
guage. When available, Spanish translations of measures pro-
vided by measure developers were used. Otherwise, a bilingual
researcher, whose first language is Spanish, translated the mea-
sures/materials from English (the original language) to Spanish.
The translated measures were piloted before the study to
ensure that participants would understand the questions with
the same meaning intended in the original English versions of
the measures. Of the 19 participants included in analyses, three
completed all assessments and meetings in Spanish, while the
remaining 16 preferred English.

Cognitive function was assessed via the Brief Test of Adult
Cognition by Telephone (BTACT; Tun & Lachman, 2006). This
battery consists of the Rey Auditory-Verbal Learning Test (RAVLT;
Schmidt, 1996), Backwards Digit Span (Wechsler, 1997), a
Category Verbal Fluency task, a Number Series task, the
30-Seconds and Counting Task (30-SACT), and the Stop and Go
Switch Task (SGST). Methods for testing and scoring followed
Lachman and colleagues (2013) procedures. For the present
study, global scores were summed from each individual task.
Due to the design of some of the fluency and counting tasks,
there is no established maximum global score, but within our
data, the highest overall score was 148.

For all of the questionnaire measures (see Supplementary
Materials), participants provided verbal number responses on
a scale from 1 to 7 (specified below for each measure).
Participants could provide a whole number (e.g. 3 or 7) or dec-
imal numbers on a sliding scale (e.g. 3.2 or 6.5). Participants
were always provided the option to not respond to any question.

General well-being was measured with the PERMA Profiler
(Butler & Kern, 2016). This measure consists of 23 items relating
to positive and negative emotion, engagements, relationships,
meaning, accomplishment, and health. Participants verbally
indicated the extent to which they experienced the feelings or
agreed with the statements from each item on a scale of 1 (Not
at all/Not often at all) to 7 (Completely/Very often). Analyses
were based on the summed response scores (total possible
score: 161).
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Loneliness was measured with the Three Item Loneliness
Scale (TILS; Hughes et al., 2004). Participants were read the
questions and indicated how often they felt a certain way on
a scale from 1 (Not at all) to 7 (Nearly everyday). Scores were
the sum of the three responses provided (total possible
score: 21).

For depression, the Patient Health Questionnaire (PHQ-2;
Kroenke et al., 2003) was used with an adjusted response scale
to align with the other questionnaires. Participants were asked
to consider the last two weeks and how often they had been
bothered by the described feelings on a scale from 1 (Not at all)
to 7 (nearly every day). Responses were summed for the total
score, with higher scores indicating depressive symptoms (max-
imum possible score: 14).

Participants were asked about their mindset about their abil-
ities and their intelligence with the Growth Mindset Scale (mod-
ified for older adults to focus on learning and abilities by
removing two questions that emphasize personality; Dweck,
2006). For these questions, participants indicated the amount
to which they agreed or disagreed with the statements on a
scale of 1 (Strongly Disagree) to 7 (Strongly Disagree). For scor-
ing, relevant items were reverse scored and then responses were
summed (total possible score: 32).

Finally, a digital independence questionnaire was adminis-
tered to participants asking about their comfort level and use
of technology for daily tasks. This questionnaire was adapted
from the Lawton-Brody Instrumental Activities of Daily Living
scale (IADL; Lawton & Brody, 1969), which asks about one’s abil-
ities to complete daily functional tasks, such as grocery shop-
ping, or managing finances. For this study, we modified the
questions to relate these tasks to completing mobile or online
versions of these tasks (for complete measure, see
Supplementary Materials). This version consisted of four ques-
tions, focusing on online grocery shopping, booking transpor-
tation, online medical needs, and online banking. Each question
was scored on a binary scale of "1’ for doing these tasks online
fully independently or without assistance, or‘0’'for any response
noting assistance or support needed (total possible score: 4).

Procedure

The SLATE study consisted of a two-month tablet training inter-
vention, in which participants received two monthly home vis-
its, supplemented by six weekly one-to-one virtual meetings,
that covered training topics from setting up email accounts,
video calling, and basic device navigation to online resources,
such as online benéefits portal, health care, and grocery shop-
ping. Additionally, every meeting and visit consisted of fraud
education and alerts to ensure that participants were engaging
safely with the devices. Finally, as an external resource, over-
the-phone IT support was available for the participants to con-
tact in between face-to-face visits.

Participants in this study were recruited in partnership with
the Office on Aging (OoA) and the In-Home Supportive Services
Public Authority (IHSS PA) through an existing caregiver support
program. The inclusion criteria were: 60years of age or older,
an IHSS caregiver, and not using the IHSS web-based portal for
payment (uses telephone timesheet submission, TTS).
Participants were also recruited from OOA’s family caregiver
support program, who were adults aged 60 or older, caring for
relatives who are also 60years or older. All caregivers in the
study were individuals who were also eligible to receive state
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and county services, including Medi-Cal and food stamps. The
participants spoke primarily English or Spanish.

Clients in the database who met the inclusion criteria were
contacted over the phone, answered questions about their
access to the internet and mobile and/or computer technology.
Those with limited or no technology access were provided with
a description of the program and research opportunity, and
asked if they would be interested in participating. Clients were
informed that, should they qualify for the technology distribu-
tion program, their participation in the research study would
be voluntary and that they would receive the technology and
training regardless of whether they participated in answering
the research questions. Those who indicated interest in partic-
ipating in data collection were screened and provided with a
letter of agreement and procedure materials, which detailed
the objectives and schedule of the project, as well as how con-
fidentiality of information would be maintained, withdrawal
processes, and rights to the technology provided to them.
Participants gave verbal agreement over the phone to enroll
and arrange a set-up date. They provided written consent via
the letter of agreement during device delivery and set-up.

Two weeks before receiving their tablets and accessories
(case and stylus; USB WiFi dongle if needed), participants com-
pleted a pre-test assessment with a social worker from the OoA
consisting of an over-the-phone cognitive battery (BTACT; Tun
& Lachman, 2006) and questionnaires on well-being (PERMA;
Butler & Kern, 2016), loneliness (TILS; Hughes et al., 2004),
depression (PHQ-2; Kroenke et al., 2003), mindset (Growth
Mindset Scale; Dweck, 2006), and functional digital indepen-
dence (adapted from Lawton & Brody, 1969).

Following the pre-test assessments, devices were delivered
in person, and participants received one-to-one device walk-
throughs and a program orientation. Participants were con-
tacted one week later over the phone and then scheduled an
in-person check-in for the following month to continue learning
about the new technology and to walk through any issues they
may have encountered. Supplementary one-to-one weekly
Zoom meetings were held to cover fraud education and scam
prevention topics. A total of two in-person meetings and six
zoom meetings were held with participants.

At the end of the two-month intervention, post-test assess-
ments were conducted over the phone. Pretest and post-test
assessments took approximately 35 min to complete. Responses
were transcribed on hard-copy measure forms by the social
worker and transferred onto a compiled anonymous document
(whichincluded and Participant ID numbers and general demo-
graphic information) to share with the research team.

Results
Analysis plan

This study assessed whether a two-month technology training
program would lead to well-being or cognitive changes in
low-income older adults. Linear mixed effects models were con-
ducted in R (version 022.12.0.353; Posit Team, 2022) using Ime4
package (Bates et al., 2015) for each outcome measure of cog-
nition, well-being, loneliness, depression, and growth mindset.
These models considered the dependence among repeated
measurements (pre- and post-test) for each participant and
included fixed effects (‘average participant’) and random effects
(the difference between a particular participant and the average

participant). The normality assumption for each model was
checked, and in cases when the normality assumption was not
satisfied, transformations were employed and are indicated in
each outcome section below when relevant. For each separate
model, the highest level of interaction among predictor vari-
ables (gender, age, time, and functional digital independence
[how participants rated their use and comfort level with com-
pleting various tasks on digital devices]) was used. Variables
were then systematically removed using Bayesian Information
Criteria (BIC) and performing likelihood ratio tests.

Means and standard errors of each outcome variable for both
pre-test and post-test assessments are included in Table 2.
Results for each outcome measure from the linear mixed-effects
models are presented in Table 3. For the data reported below,
we present the estimated coefficients and significant effects (a
= 0.05), and we also discuss any interactions in the models.

Program adherence

A total of 20 participants completed the pre-test assessment
prior to beginning the program, with 19 completing the post-
test, a completion rate of 95%. Of the eight scheduled one-to-
one meetings for this program (two in-person and six remote
Zoom meetings), participants completed an average of approx-
imately 6 meetings (M=6.93, SD=1.55, Mdn =8, range = 3-8).

Cognitive performance (BTACT)
No significant changes were identified from pre-test to post-test
mean scores for the cognitive measure.

Well-being (PERMA)

For well-being, no significant improvements were identified
from pre-test to post-test. However, functional digital indepen-
dence scores at pre-test significantly predicted well-being out-
comes at post-test, such that as the level of dependency on
others increased, well-being scores were estimated to decrease
by 3.56 units (p=0.003, SE=1.02, 95% CI [-5.73, —1.40]).

Loneliness (TILS)

To satisfy the normality assumption of the linear mixed-effects
model, a natural logarithmic transformation was performed on
mean loneliness scores. No significant changes or interactions
were identified from pre-test to post-test.

Depression (PHQ-2)

To satisfy the normality assumption of the linear mixed-effects
model, a natural logarithmic transformation was performed on
the mean depression scores. No significant changes in mean
depression scores were identified across time (pre- to post-test).
The model did reveal a significant interaction between age and

Table 2. Mean and SE of the BTACT, PERMA, TILS, PHQ-2, and growth mindset
scores for pre-test and post-test.

Outcomes Pre-test Post-test

BTACT 101.33 (4.97) 104.56 (8.20)
PERMA 105.35 (5.58) 104.16 (5.71)
TILS 9.53(1.37) 8.68 (1.18)
PHQ-2 6.21(1.04) 5.08 (0.79)
Growth Mindset 5.32(0.52) 5.92 (0.49)

Note. BTACT =Brief Test of Adult Cognition by Telephone; PERMA = well-being
measure; TILS=Three Item Loneliness Scale; PHQ-2=Patient Health
Questionnaire-2 (depression measure). SE in parentheses.



Table 3. Results of linear mixed-effects models for all outcome measures.
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Outcome Predictor Estimate SE 95% Cl df Unadjusted p-value
BTACT Post-test 1.27 5.82 (=11.14,13.68) 15 0.830
Age -0.25 0.58 (—1.48,0.99) 15 0.678
Gender 7.01 12.78 (—19.83, 33.85) 18 0.590
DI -1.16 1.22 (—3.76, 1.44) 15 0.356
PERMA Post-test =211 3.94 (=10.45, 6.24) 16 0.600
Age -0.76 0.47 (—1.75,0.24) 16 0.127
Gender 0.78 10.34 (=20.95, 22.51) 18 0.941
DI —3.55 1.02 (-5.73,-1.40) 16 0.003*
TILS Post-test -0.21 0.14 (—0.50, 0.09) 15 0.153
Age 0.02 0.02 (-0.01, 0.06) 15 0.209
Gender -0.07 0.36 (—0.83, 0.69) 18 0.852
DI —-0.03 0.03 (—0.04,0.10) 15 0.427
PHQ-2 Post-test -0.03 0.11 (—0.28,0.21) 14 0.787
Age 0.04 0.03 (-0.01,0.10) 14 0.113
Gender 0.31 0.32 (—0.37,0.99) 18 0.348
Time —0.03 0.1 (—0.28,0.21) 14 0.787
DI 0.52 0.22 (0.05,0.99) 14 0.034*
AgexDlI —-0.01 0.00 (-0.01, 0.00) 14 0.038*
Growth Mindset Post-test -0.98 1.76 (—4.71,2.76) 16 0.587
Age -0.09 0.12 (-0.35,0.17) 16 0.481
Gender 1.77 2.75 (—4.00, 7.54) 18 0.528
DI -0.17 0.28 (—0.76,0.42) 16 0.550

Note. BTACT =Brief Test of Adult Cognition by Telephone; PERMA = well-being measure; TILS =Three Item Loneliness Scale; PHQ-2 =Patient Health Questionnaire-2

(depression measure); DI =Digital Independence.
"p<0.05.

digital independence (p=0.038, SE=-0.01, 95% Cl [-5.73,
—1.40]), such that between two participants of the same age,
the less digitally independent one was expected to have a 1.66
times higher depression score per unit difference in the digital
independence score. Similarly, of two participants with the
same digital independence score, the older of the two was
expected to have a 1.04 times higher depression score for every
year of age difference. Interestingly, functional digital indepen-
dence scores at pre-test had a significant effect on mean depres-
sion scores at post-test, such that as independence increases,
depression scores were also estimated to increase by 0.52 units
(p=0.034, SE=0.22, 95% CI [0.05, 0.99]).

Growth mindset
No significant changes were found between mean growth
mindset scores measured at pre-test and post-test.

Discussion

This study included a community-based two-month technology
training program for low-income older adults. This pilot study
assessed feasibility and potential changes in cognitive, well-be-
ing, and mindset measures. Demonstrating the feasibility of the
program, the vast majority of the participants (95%) were
retained from pre-test to post-test and adhered to the program
schedule, attending an average of 6 out of the 8 one-to-one
weekly training meeting. Results revealed no significant
changes across the two-month period for all outcome mea-
sures. However, models indicated the potential importance of
functional digital independence at pre-test on depression and
well-being. This finding aligns with prior work showing that
having technology experience and more independence with
day-to-day online tasks can benefit feelings of connectedness
and increase access to online health and well-being services
(e.g. Cheshmehzangi et al., 2022). However, this finding should
be interpreted with caution, as our sample size was small and
there were many factors not considered in this study that could
influence mental health and well-being beyond digital technol-
ogy use (e.g. physical health and activity or social capital, such

as support or connection; Choi & DiNitto, 2013; Santini et al.,
2020). Our null results also align with prior technology inter-
vention studies that also found null results from pre-test to
post-test (e.g. Zhang et al., 2022).

This study demonstrated a proof-of-concept for a new col-
laboration between a university research team and community
leaders. It is important to better understand the relationship
between the use of technology and potential cognitive and
mental health benefits to develop effective interventions to
support and sustain technology engagement in older adults,
especially those who do not engage with technology regularly
(Van der Wardt et al., 2012). While our results did not reveal
significant cognitive changes, an important outcome was our
minimal attrition, indicating an interest in these types of pro-
grams from community members, as well as the feasibility of
such programs. Our findings, though limited, support the need
to address the digital divide, particularly in underserved, low-in-
come, older adult communities.

There are several limitations to the presented work. Most nota-
bly, this was a pilot study working with county collaborators during
the peak of the COVID-19 vaccination distributions. The sample size
was justifiably small to test for feasibility for both the intervention
and the overall collaboration. The null effects may be due to the
heterogeneity of the participants and real-world environments and/
or the true effects being small. The results also may not be widely
generalizable given that the participants were a selective sample.
However, this selective sample might be arguably inaccessible to
typical research conducted in alab setting, and therefore, the results
may be more generalizable than a lab-based study. The measures
were short and could not be comprehensive due to time limits of
the social worker and participants’ willingness to participate.
Perhaps more comprehensive batteries would have provided mea-
sures more sensitive to changes over time (although see Odd et al.,
2022). Additionally, to minimize participant burden, this study did
not collect information, such as educational attainment or other
lifestyle factors, which also could have affected cognitive perfor-
mance (e.g. Livingston et al., 2020). Finally, the use of quantitative
methods may have been a limitation for the target population, as
it was reported anecdotally that participants had a difficult time
understanding the wording of the questions and the number scales
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used for responses. Approaching future programs with a
mixed-methods (qualitative and quantitative) approach may be
beneficial. The OoA team collected qualitative feedback and prog-
ress notes during one-to-one meetings with participants, and we
plan to analyze this feedback to potentially gain a better under-
standing of how participants viewed not only the program, but their
own progress and thoughts while learning how to use new tech-
nology. These qualitative data may provide a valuable perspective
that is often missed with quantitative data collection.

Although the state and county were supportive of the efforts
of the project (resulting in significant funding from the state to
scale-up the program), county workers expressed the desire for
a larger support team to collect more information from partic-
ipants, as well as provide longer support sessions and additional
on-call support for participants. Future research working with
community collaborators in a similar fashion could consider
incorporating long-term discussions of research team support,
in addition to in-house county social workers and IT support.
These resources would help alleviate some of the research bur-
den on county personnel, who are extremely busy with other
administrative duties. However, putting these resources in place
would require more ramp-up time and funding. Another lim-
itation to the present study was the lack of long-term follow-up
data. With this particular sample, the Riverside County Office
on Aging (OoA) officials discussed the difficulty of retaining
participants beyond the two-month period due to caregiver or
health-related responsibilities. Refining the program to create
more long-term incentives, while reducing the time-burden on
county employees should be explored.

As mentioned previously, the Office on Aging and other
county programs received additional funding to expand tech-
nology training and support for low-income older adult members
of the community. Future iterations of this intervention include
plans to collect long-term follow-up assessments with larger
sample sizes. The results from this study, though limited, offer
some promising indications of feasibility for community-based
interventions. Overall, this study and the future iterations of the
technology training program may provide valuable insights for
researchers, community services, and policy makers with the
common goal of improving accessibility to computers and
mobile devices, training, and support for low-income older adults.
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